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MOTIVATION

e simulating N-body quantum systems
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e current best: T. Héner, D. Steiger, arXiv: 1704.01127

45 spins %: 8192 cores with 500 terabytes of memory
e Moore’s law: 100 spins by the year 2100
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MOTIVATION

e simulating N-body quantum systems
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TENSOR NETWORKS
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e efficient description of quantum many-body e not known
wave-function
e allow for large (even infinite) systems
e no sign problem
e frustrated systems

e fermions, anyons, ...
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WHY BOND INDICES?

e product (unentangled) state
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e number of parameters needed to specify wave-function
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